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Chess

● Branching Factor: 35

● Game Length: 80
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Go

● Branching Factor: 250

● Game Length: 150
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Monte Carlo Tree Search

1. Selection (Tree Traversal)

2. Expansion

3. Simulation (Rollout)

4. Backpropagation

𝑈𝐶𝐵1 𝑠! = "!
#!
+ 𝐶 $% &

#!
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• Explore little known actions
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Value Network

How well are we doing?



Policy Network

What are the most likely actions?
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AlphaZero Training



AlphaGo Zero Results



Atari

● Image Input

● No Access to rules
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