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RQI: 0.0 — Accuracy - train: 1.0, validation: 0.1

(a) Memorization in toy addition

RQI: 0.6 — Accuracy - train: 1.0, validation: 0.9

(b) Generalization in toy addition
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(a) Theory: phase transition

4(b) Empirical: phase transition
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(a) Addition, regression
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(b) Addition, regression
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(c) Addition, classification
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(d) Permutation, regression
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+ Scientific method
+ Insights about DNN generalization

+ Physics inspired tools

- Broad applicability?



